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S~ Model: "functional"

Layer (type) Output Shape Param #
input_layer { ) (None, 1)

dense ( ) (None, 32)

dense_1 | ) {None, )

dense_2 | ) {None, )

dense_3 ( b (None, 1)
Total params: (16.75 KB)
Trainable params: (16.75 KB)

Non-trainable params: © (0.0@ B)

[l g= 9.8
h, v=20.0, 1.0
x_h, x v=20.0, 0.0
xmax = 1.8
bc_x1 = np.array([[x_h]])
bc_x2 = np.array([[x_v]])
bc_f1 = np.array([[h]])

bc_f_x2 = np.array([[v]])

bc_xi = tf.constant(bc_x1, tf.float32)
bc_x2 = tf.constant(bc_x2, tf.float32)
bc_f1 = tf.constant(bc_f1l, tf.float32)

bc_f_x2 = tf.constant(bc_f_x2, tf.float32)

x_train=np.arange(@,xmax,1le-3).reshape((-1,1))
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x_test=np.arange(®,1,0.01).reshape((-1,1))
f_exact = -0.5%g#x_test# k2 + x_testkv + h
f_pred_test = model(x_test)

fig, ax = plt.subplots()

ax.plot(x_test, f_pred_test, color="blue", label="pred")
ax.plot(x_test, f_exact, color="orange", label="exact")
ax. legend()

plt.show()

np.average( (f_pred_test-f_exact)#*2)
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Deep learning and Pnysics
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